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Without gain correction (statistical PWLS formulation): 
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GOAL: 

Find an equivalent PWLS formulation so that we can jointly (but 
implicitly) reconstruct x and g using existing methods such as CG, 
ADMM, and OS that guarantee convergence*! 
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Solved exactly and efficiently using the Sherman-Morrison formula 
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1. 
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Image: 

Geometry: 

512 x 512 x 109 patient (shoulder) 
Voxel size: 1.3695 x 1.3695 x 0.6250 mm3 

888 x 32 x 7146 3D helical CT 
Orbit: 2614° 
Pitch = 0.5312 
Detector channel spacing = 1.0239 mm 
Detector row spacing = 1.0964 mm 
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