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•  This talk will be broken into two parts: 	

	
1) methods of fitting a surface 	

	
2) creating the contour map once we have the surface.	
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•  Alternatively put a lattice over the area and find the distance 
weighted average for each point to the lattice.	


•  Creates a smoother surface	

•  With large data sets it can be very computationally intensive	
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alpha = .75	
 alpha = .25	
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